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Abstract

This research aims to measure the extent of use of the concepts of big data analytics and
information technology governance and their role in detecting fraud in financial statements by
applying them to commercial banks during the period from 2025, especially in the existence
of a guide for applying information technology governance issued by the Central Bank of Libya,
as the results of the research showed: the lack of use of the concept of big data analytics in
commercial banks, the lack of use of the concept of information technology governance in
Libyan commercial banks, Finally, while traditional tools are effective in detecting fraud in
financial statements of Libyan commercial banks, they offer limited benefits due to rapid

developments and changes. Modern financial and non-financial tools, such as big data
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analytics and information technology governance, can significantly enhance the ability to

confront and reduce fraud risks.

Keywords: Big Data Analytics — Information Technology Governance — Detecting Fraud in
Financial Statements.
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Corporate governance fraud detection from annual reports using big data

analytics
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Fuzzy Financial Fraud Risk Governance System in an Information

Technology Environment
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